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Multiple Logistic Regression

jmp.com/learn

Use to model the relationship two or more continuous or categorical explanatory variables has with a

categorical outcome variable. Useful for estimating the probability of the occurrence of an event for different

values of the explanatory variables.

Multiple Logistic Regression Using Fit Model

From an open JMP® data table, select Analyze > Fit Model.
Click on a categorical variable from Select Columns, and
click Y (nominal variables have red bars, ordinal variables
have green bars).

Choose explanatory variables from Select Columns,

and click Add.
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4 [~)Model Specification

Pick Role Variables
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ct Columns
Columns

Construct Model Effects
marital

[] No Intercept:

Personality: ['\ominal Logistic

[] Keep dialog open

status

Click Run Model.
By default, JMP will provide the following results:

e The Iterations history (not shown).
The Whole Model Test.

Lack of Fit (not shown).

Parameter Estimates for the model.

Effect Likelihood Ratio Tests (not shown).

Tips:

When the response is ordinal, an ordinal logistic model will be
fit. When the response is nominal, as in this example, a
nominal logistic model will be fit.

To save the predicted probabilities to the data table, click on
the top red triangle, select Save Probability Formula.

To fit a model for grouped or summarized data, use Freq in
the Fit Model Specification window - specify the variable that
contains the frequency (count) for each level of the response.

To view the effect of an explanatory variable on the
predicted probabilities, click on the top red triangle and
select Profiler.

In the Prediction Profiler, click and drag the vertical red line
for a variable to change the level or value. The predicted
probabilities are displayed.

4 Effect Summary

4 (~)Nominal Logistic Fit for type

Source LogWorth PValue
age 3986 ‘ 0.00010
marital status 3.965 0.00011
sex o281f] i ! i 0.52400

Remove Add Edit []FDR

Converged in Gradient, 4 iterations
[ Iterations

4 Whole Model Test

Model -LogLikelihood DF ChiSquare Prob>ChiSq
Difference 22.99752 6 4599504 <.0001
Full 280.19796

Reduced 303.19548

RSquare (U) 0.0759

AlCc 576.886

BIC 606.106

Observations (or Sum Wgts) 303

P> Fit Details
P/Lack Of Fit

4 Parameter Estimates

Term Estimate
Intercept 0.21751807
sex[Female] 0.10271474
marital status[Married] 0.23592617
age 0.02719008
Intercept 3.0890961
sex[Female] -0.0515722
marital status[Married] -0.3754868
age -0.0779815

Std Error ChiSquare Prob>ChiSq

0.8942808 0.06 0.8078
0.1674203 0.38 0.5395
0.1815837 1.69 0.1939
0.0281513 0.93 0.3341
1.0026577 9.49 0.0021
0.1822018 0.08 0.7771
0.1868537 4.04 0.0445*
0.0329797 5.59 0.0181*
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Visit Fitting Linear Models > Logistic Regression Models in JMP Help to learn more.




